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Hinton et al. (2015). Distilling the knowledge in a neural network. arXiv.
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Agarwal et al. (2024). On-policy distillation of language models. ICLR.
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Ahmad et al. (2025). OpenCodelnstruct. arXiv. Mitra et al. (2024). Orca-Math. arXiv.
Cobbe et al. (2021). GSMS8K. arXiv. Toshniwal et al. (2024). OpenMathlnstruct-1. arXiv.
Hendrycks et al. (2021). MATH dataset. NeurIPS D&B. Xu et al. (2025). KodCode. arXiv.
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MATH-500 33.6 35.0 33.5 35.2
GSM8K 55.2 58.3 58.6 60.5
HumanEval 42.5 42.6 41.4 42.8
MBPP 34.2 33.7 35.7 33.9

Austin et al. (2021). Program synthesis with large language models. /~ Chen et al. (2021). Evaluating LLM:s trained on code.
- nagoya—u Cobbe et al. (2021). Training verifiers to solve math word problems. ,/” Hendrycks et al. (2021). Measuring mathematical problem
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Cobbe et al. (2021). Training verifiers to solve math word problems. arXiv.
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